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Problem Extrinsic and Intrinsic Evaluation

> NLP methods are key for processing
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| > Chemical embeddings return better similarity lists:
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“atropine”, “aspirin”) to “ibuprofen”
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> PubMed and CheMU ELMo again close
> Also: Better quality embeddings correlate highly (cor. > 0.7, p < 0.05) whereas
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- > Studied the quality of embeddings trained over chemical patents against biomed-

> NER: Sampled small chemical NER ical embeddings

corpus from patents > Patent-specific embeddings outperform larger scale but generic embeddings on
NER and provide a better understanding of the chemistry domain

> SIM: Restricted embeddings to test

corpus and reduced dimensions > But: Large scale generic ELMo embeddings provide OK performance
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